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Class Train Test Train Test
A 20 10 80 30
B 35 10 140 30
C 36 11 144 33
Abnormal | D 9 4 36 16
E 86 18 344 54
F 35 6 140 24
G 108 18 432 54

Normal 199 126 796 252
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Class Precision Recall F1-Score
A 0.645 0.667 0.656
B 0.867 0.443 0.578
C 1.000 0.545 0.706
Abnormal | D 0.500 0.750 0.600
E 0.873 0.889 0.881
F 0.800 1.000 0.889
G 0.693 0.963 0.806
Normal 0.931 0.905 0.918
Accuracy 0.842
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